4thSight Guide

Al 1in Finance Workflows

From chat experiments to governed, repeatable finance
processes

A practical whitepaper for Finance and Ops leaders who want to embed LLMs
safely inside reporting, reconciliation, document processing and insight
workflows.

Based on the webinar: Beyond AI Chat - Al in Finance Workflows

Prepared for 4thSight | Finance and Ops automation for recruitment businesses
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1. Executive summary

Generative Al is compelling because it gives finance teams a natural language interface, rapid analysis
and a powerful way to reason over documents, transactions and narrative context. But chat alone is
not the operating model finance needs. It is useful for one-off work, but difficult to govern, repeat and
audit when applied to real finance processes.

The opportunity is to embed LLM capability inside governed workflows: connect source systems,
prepare structured data, use an LLM for the reasoning step, validate the result, apply business rules
and route the output into reports, reconciliations, commentary packs or downstream systems.

Core message

The value is not in the chat interface. The value is in embedding Al into repeatable business
processes with privacy, structure, controls and auditability.

For Finance and Ops teams, this changes Al from a personal productivity tool into an operational
capability. It allows teams to process hundreds or thousands of records, apply consistent logic, store
reusable outputs and run the process again with confidence.

2. Why chat-style Al is not enough for finance

Chat tools are excellent for exploration, drafting and ad hoc reasoning. Finance, however, has different
requirements. Finance work is repeatable, controlled, evidence-based and often sensitive. The same
process must run the same way tomorrow, next month and during audit review.

e Privacy: finance data is commercially sensitive and often contains personal, supplier or customer
information.

e Repeatability: one-off prompts cannot easily become a month-end process or recurring control.

e Auditability: finance teams need to explain inputs, logic, confidence and exceptions.

e Structured outputs: downstream workflows need fields, classifications, keys and scores, not just
prose.

e Governance: Al use must be visible, permissioned, versioned and controlled.
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LLMs in Finance: Powerful, But Not Yet Operational 14

Why chat-style Al is compelling — and why finance needsymore than a chat interface alteryx

@ Why Everyone Loves LLMs (\!/) Why Finance Can’t Scale Them

@ Natural language interface Not inherently private

et Manual Excel — chat prep
1‘9 Instant insights

Promise Inconsistent outputs
O\ Exploratory analysis vs reality

Not repeatable

8 Individual productivity
Shadow IT risk

<4° Fast, intuitive and powerful for one-off work Hard to govern, standardise and operationalise

@ Powerful for individuals — not designed for controlled, repeatable finance processes

@ Finance needs privacy, consistency, governance and repeatability.

Figure 1: LLMs are powerful for individuals, but finance needs privacy, consistency, governance and repeatability.

3. The shift from chat to process-driven Al

The operating model shifts from user-driven prompts to process-driven execution. Instead of asking
one question against one document, the workflow prepares data, calls the LLM in a controlled step,
validates the response and stores the result for reuse.

The Gap: Chat vs Process alteryx one [l

Why finance needs Al embedded in workflows — not just a chat interface

(What Finance Needs)

@ Chat-Based Al (Today) Process-Driven Al

8 User-driven, manual interaction

One document / one question >

From chat

Automated workflows

Processes hundreds/thousands of records

Difficult to audit or govern Fully auditable and governed

@ Outputs not stored or reused to process ( @ Outputs structured and reusable
il

f} Great for ad hoc help /i Built for scale, control and repeatability

‘ @ The value is not in the chat — it’s in embedding Al into repeatable business processes.

@ Finance needs automation, structure, auditability and governance.

Figure 2: The gap between chat-based Al and process-driven Al for finance.
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Process-driven Al is designed for scale. It can handle large numbers of records, create reusable
structured outputs and preserve an audit trail. This is the difference between using AI as an assistant
and using Al as part of an enterprise process.

4. Reference architecture: where the LLM fits

A practical finance AI workflow has five component parts. Most of the process is ordinary workflow
automation: ingestion, preparation, validation, output shaping and downstream action. The LLM is
embedded at the point where reasoning, interpretation or narrative generation is valuable.

1. Document and data ingestion: connect to source systems, mailboxes, shared drives, data stores and
APIs.

2. Data preparation and structuring: clean data, standardise fields and assemble the context needed
by the LLM.

3. LLM interaction: pass a controlled prompt, relevant context and defined output instructions.
LLM output processing: validate, parse and shape the result into structured data.

5. Decision logic and automation: apply confidence thresholds, route exceptions and trigger
downstream actions.

Component Parts of an Automated Process with
LLM Embedded

Alteryx orchestrates ingestion, preparation, output shaping and automation,
while the LLM performs the reasoning step
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Connect to source Clean, standardise and Send structured prompts Validate and shape Apply business rules and
systems, mailboxes, files shape data for LLM input. and context to the LLM. LLM results into automate downstream
and data stores. structured data. actions.

Bring documents and Prepare prompt-ready Generateeasoning,

S G Apply confidence Route outcomes,
records into a governed context and relevant extraction or narrative

checks and output notifications and
workflow. fields. output. rules. exceptions.

Figure 3: Component parts of an automated finance process with an LLM embedded.

Design principle

Do not make the LLM responsible for the whole process. Use the workflow platform to orchestrate
data, rules, validation, routing and governance. Use the LLM where interpretation adds value.
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5. Privacy, governance and enterprise Al platforms

Enterprise Al platforms such as Azure AI and Amazon Bedrock help solve the privacy and governance
problem by providing managed access to leading models. They provide the wrapper around the model:
access control, deployment governance, monitoring and enterprise-grade operation.

For finance teams, this matters because the model is only one part of the architecture. The surrounding
platform, credentials, logging, data controls and workflow governance determine whether AI can be
used safely in production.

Private Al Platforms: Amazon Bedrock & Azure Al I

They solve the privacy issue, add governance, and provide controlled access to leading LLMs a[te ryx

aws | Amazon Bedrock @ Azure Al

\\"7 Secure access to multiple foundation Enterprise Al layer for secure, managed
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models : .
7 P D acy. access control and tovernad debloviment ‘ Privacy, governance and enterprise-grade
iy AN 2 = £ . 2 . Al operations

These platforms make Al usable in finance by solving privacy, adding governance,
and operationalising access to top LLMs.

@ From open chat tools to controlled, repeatable, enterprise Al.

Figure 4: Private AI platforms provide secure, governed access to leading LLMs.

6. Practical finance workflow patterns

The webinar material demonstrates five common finance patterns where LLMs add value when
embedded into workflows.

Pattern 1: Expense triage and policy interpretation

Al can interpret narrative evidence and expense context, then suggest treatment using policy rules. The
workflow still validates, scores and routes outcomes for approval, flagging or review.

e Example: classify ambiguous expenses for HMRC treatment.
e Outputs: reason code, recommended treatment, confidence score, approval or review route.
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Pattern 2: OCR and document field normalisation

Document Al can extract raw invoice or statement fields, while an LLM standardises labels, names,
dates and formats. The workflow validates the result and creates clean, structured records for

downstream automation.

e Example: convert varied supplier invoice labels into a consistent schema.
e Qutputs: invoice number, date, amount, supplier, currency and exception flags.

Pattern 3: Intelligent matching keys for reconciliation

In sales ledger or bank reconciliations, payment references are often messy. An LLM can propose
intelligent match keys, aliases and regex logic from invoice context. The workflow applies that logic,

scores likely matches and routes exceptions.

Intelligent Matching Keys for Sales Ledger Reconciliation [

Alteryx orchestrates data connection, preparation, matching logic deployment and exception handliing, alter X
while the LLM generates intelligent match keys and regex logic. y

ALTERYX WORKFLOW }——--.. [ LLM STEPEMBEDDED |...... (" A|TERYX WORKFLOW )
- IN WORKFLOW e o

Handled in Alteryx LLM reasoning Handled in Alteryx Handled in Alteryx

Handled in Alteryx

1. Connect Ledger &
Payment Systems

Alteryx workflow stage

Connect to ERP and finance
platforms such as NetSuite, Xero,
bank feeds and remittance
sources.

Bring in invoices, receipts,
customer data, payment
references and open item detail.

4

Figure 5: Intelligent matching keys for sales ledger reconciliation.

2. Prepare Matched
Data for LLM

Alteryx workflow stage

Profile records and assemble

the relevant context for
matching.

Standardise fields, group

candidate transactions, and
prepare reference patterns and
examples for LLM ingestion.

alteryx

3. LLM Generates
Regex & Match Keys

LLM e ep

Interpret messy payment
references and propose
intelligent extraction logic.
Generate regex patterns and
standardised match keys from
examples and context.

p|
(?i)(2:inv|invoice)[-

Pattern 4: Statement commentary at scale

Al can generate narrative commentary from prepared statement data, budget movements, forecast
movements and metadata. The workflow then shapes the output into standard fields and distributes

the commentary with the relevant report pack.

4. Alteryx Applies
Matching Logic
Alteryx workflow stage
°
Apply generated keys and
regex logic to candidate
transactions.

Score likely matches,
standardise outputs and
identify exceptions.

Example: explain revenue movements by entity, project or department.
Outputs: commentary, drivers, risks, actions and stakeholder distribution.

5. Reconcile &
Route Exceptions

Auto-match clear items and
reconcile the sales ledger.

Route unmatched or
ambiguous items for review
with full auditability.
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Pattern 5: Automated variance analysis

Analytics engines can identify movements, trends and explainable variances across actuals, budgets,
forecasts and prior periods. Finance teams receive insight-ready outputs rather than manual variance

prep.

Automated Variance Analysis with Auto Insights K

Alteryx orchestrates data access and preparation, alteryx

while Auto Insights performs variance analysis and presents insight-ready outputs.
—( AUTO INSIGHTS \
—

" Handled in Auto Insights ‘jan&led in Auto Insights )

G- @l A (o) (8623

> Al Engine Applies Auto Insights
Variance Analysis Presentation Layer
Alteryx workflow stage Auto Insights stage Auto Insights stage

(" ALTERYX WORKFLOW )

Handled in Alteryx

Access Accounting
Systems & Data Stores
Alteryx workflow stage

Blend & Prepare Data

Connect to ERP, finance systems

and data stores such as NetSuite,

Xero, data warehouses and source

files. Ingest actuals, budgets, prior

periods and dimensional data into
a governed workflow.

Combine financial data, align time
periods, standardise dimensions
and shape records for analysis.
Prepare a clean, analysis-ready
dataset for Auto Insights
ingestion.

Present narratives, drivers and
explainable charts through an
interactive presentation layer.
Deliver business-friendly insights
for finance teams and
stakeholders.

Auto Insights analyses movements
across actuals, budget, forecast
and prior period. It identifies key
drivers, unusual variances, trends
and emerging narratives
automatically.

Figure 6: Automated variance analysis produces insight-ready outputs for finance teams.

7. From desktop automation to enterprise workflow
governance

No-code workflow tools are powerful because finance users understand the process. But moving from
personal workflows to production workflows requires governance. The goal is not to take ownership
away from domain experts. The goal is to preserve their speed while adding auditability, version
control, credential management and repeatable execution.

e Server-first rule: production workflows should run on a controlled server environment.

e Test to production: use peer review, sample output checks and sign-off before promotion.

e Centre of Excellence: train users in design patterns, documentation and exception handling.

¢ C(Credential management: secure data connections centrally rather than embedding local
credentials.

e Feedback loop: high-value finance outputs can become candidates for central data assets.
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Applying Governance as Finance Uses Alteryx alteryx

Move from desktop shadow IT to governed, repeatable finance automation —
without taking ownership away from the domain experts.

| 5
Before: Excel-led shadow IT Finance team = developers After: Server-first governance

Desktop files, local macros and Excel was their development tool. Workflows runon S_erver W'_Th
undocumented logic create Alteryx is now the governed oyvnershlp, scheduling, audit
key-person risk, limited development platform. h|stqry, access control, controlled
auditability and inconsistent versions and centrally managed

controls. e s to think like credentials.
S gn, test, document,

note, monitor | Audit tral | | Version control |  Scheduled runs [DCM credentials|

Governed Operating model for finance-built workflows The principle: every production workflow is a managed asset, not a de

Data asset

oS feedback loop

» Production workflows must be ® Use separate test and production @ Create an Alteryx Centre of @ High-value finance outputs
saved and run on Alteryx Server. environments or collections. Excellence to train, review and become candidates for central

» Named owner, schedule, guide standards. warehouse production
credentials and run history ® Promotion includes peer review, . :
are visible. sample output checks and sign-off. @ Teach reusable design patterns, ® Finance innovation feeds the

» Credentials for data sources are documentatlon atdexcapton enterprise data roadmap.
centrally controlled and secured | handling.
using Alteryx Data Connection e
Manager (DCM).

) Server-first rule

cr;:Jér‘mate across Ua}a :;!unrcm, “
@ Outcome: finance keeps speed and domain ownership, while the business gains governance, auditability,
= repeatability and a route to enterprise-grade data assets.

Figure 7: Governance turns finance-built workflows into managed production assets.

8. Implementation roadmap

A finance AI programme should start with a narrow, high-value workflow and move through
controlled stages. The objective is to prove value quickly without creating unmanaged shadow Al

Stage What to do

1. Select a high-friction process Choose a workflow with manual effort, repeatable
logic and measurable value, such as reconciliation,
commentary, OCR normalisation or variance analysis.

2. Map the process and controls Document inputs, business rules, exception paths,
approvals and downstream outputs.

3. Prepare trusted data Connect systems, clean fields and assemble prompt-
ready context.

4. Embed the LLM step Use the LLM for interpretation, classification,
matching-key generation or narrative writing, not for
unmanaged end-to-end execution.

5. Validate and score outputs Apply schema checks, confidence thresholds, rule tests
and exception handling.

6. Operationalise Schedule, monitor and govern the workflow with
ownership, version control and audit trail.

4thSight | Al in Finance Workflows | Governed automation for Finance and Ops



9. Finance and Ops checklist

Use this checklist before turning an AI proof of concept into a production finance workflow.

e Isthe source data trusted, permissioned and documented?

e Isthe LLM prompt version-controlled and owned?

e Are expected outputs defined as structured fields, not just free text?

e Are confidence checks and exception routes in place?

e (Can areviewer see the inputs, prompt, model output and downstream decision?
e Isthe workflow scheduled, monitored and logged?

e Are credentials centrally managed and protected?

e Isthere a clear route to promote from test to production?

Final takeaway

Al in finance becomes valuable when it moves beyond isolated chat interactions and becomes
part of governed, repeatable workflows. Start with a real process, embed AI where reasoning adds
value, and surround it with controls, validation and automation.

About 4thSight

4thSight helps Finance and Ops teams connect data, automate workflows and turn fragmented systems
into one clear view of the business. It brings together governed data foundations, no-code automation,
embedded Al and business-ready insight.

For recruitment businesses, this means connecting CRM, timesheet and finance data to improve
reporting, forecasting, margin control and operational visibility.
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